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High-speed L ocomotive Porceain Positioning M ethod Based on SIFT

LIN Ping WANG Li LUOLin

(Institute of Photoelectricity Engineering, Southwest Jiaotong University, Chengdu, Sichuan 610031, China)

Abstract: A porcelain positioning method based on SIFT was proposed. First, the scale invariant features of image and porcelain were
extracted respectively, then, feature points were matched through Euclidean Distance of the key points, finadly, the porcelain feature points
were obtained and porcelain was positioned correctly. Experimental results showed that the method could accurately locate porcelain
insulator and improve the computing speed.
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